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Science questions

 How well does the gridded forcing dataset
match climate-quality regional station
observations?

e How well can we model the water and
energy cycles?

* Are the modeled trends and variabllity In
the water budget components consistent?
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VIC Land Surface Model
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Princeton Global Meteorological
Forcing Dataset

Observations
Generally low temporal/high
SRB spatial resolution
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Shortwave Radiation
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e 35 Stations, 1964-1993

e Princeton forcings are scaled to match monthly
SRB data

g, * Bias-corrected Princeton forcings match
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Precipitation

Severnaya Dvina

With Undercatch Corrections Without Undercatch Corrections

Princeton Forcings

NCDC, TD-9813




Influence of forcings corrections:
Severnaya Dvina

With Undercatch Corrections Without Undercatch Corrections
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Water Budget — Lena River

Precipitation
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NSIDC: Russian Historical Soil

Temperature Data
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Severnaya Dvina: Anomalies In
Annual Precipitation & Discharge

Observations

— Precipitation

—— Discharge

 Annual discharge and
precipitation have same
strength of relationship
for obs. and model
%, (1,=0.40 for obs, 1,=0.43
for model)




Precipitation Trends
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Water Budget Trends
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Summary

e Gridded forcing dataset matches observations
well for variety of variables, with some regional
Improvements needed.

« Winter precipitation corrections improve
modeling of the spring freshet; biases in summer
discharge can be improved through calibration.

» Although biases exist in the modeling of some
variables, interannual variability matches
@ observations well. Trends remain elusive.




